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Abstract: The Heo filtering problem for a class of networked nonlinear Markovian jump
systems subject to randomly occurring distributed delays, nonlinearities, quantization
effects, missing measurements and sensor saturation is investigated in this paper. The
measurement missing phenomenon is characterized via a random variable obeying
the Bernoulli stochastic distribution. Moreover, due to bandwidth limitations, the
measurement output is quantized using a logarithmic quantizer and then transmitted to
the filter. Further, the output measurements are affected by sensor saturation since the
communication links between the system and the filter are unreliable and is described
by sector nonlinearities. The objective of this work is to design a quantized resilient filter
that guarantees not only the stochastic stability of the augmented filtering error system
but also a prespecified level of Heo performance. Sufficient conditions for the existence
of desired filter are established with the aid of proper Lyapunov—Krasovskii functional
and linear matrix inequality approach together with stochastic analysis theory. Finally,
a numerical example is presented to validate the developed theoretical results.
Keywords: discrete-time networked Markovian jump systems, randomly occurring
distributed delay, sensor saturation, quantization effects, missing measurements.

1 Introduction

Markovian jump systems (MJSs) accurately characterize the physical
systems, which experience unexpected structural variations due to system
noises, abrupt changes in the environment, failures in interconnections,
switching among subsystems etc. MJSs has widespread applications
in many engineering fields such as robotics, financial systems,
communication control systems, flight control systems and so on. Also,
the study on M]JSs received persistent research attention and a great
number of interesting results have been reported in the literature
[7,9,11,18,22,27,39]. For instance, the authors in [27] developed a H.
filter by implementing a mode-dependent event-triggering scheme and
delay partitioning technology for network-based singular Markovian
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jump systems. In [39], the A. filtering problem for nonlinear Markovian
jump systems subject to sensor saturation and output quantization
is discussed. In [7], the authors designed a H. filter for Markovian
jump systems subject to time-varying delay by using reciprocally convex
approach and Wirtinger-based inequality. In another research frontier,
networked control systems has widely been used due to its applications in
industrial engineering and advantages such as easy installation, increased
system flexibility and high reliability. Nevertheless, the insertion of
networks bring many challenging network induced complications like
fading measurements, packet dropouts and communication delays.
Many significant results regarding NCSs with these network induced
complications have been obtained in the past decades [3, 12, 13, 15,
20]. Specifically, an event-triggered fuzzy filter is designed in [20] for T-
S fuzzy model based networked control systems by using bounded real
lemma. By modeling the DC motor system as a T-S fuzzy model a peak-
to-peak filter is designed in [3], and the quantization effects is considered
for measurement and performance output signals. The authors in [12]
investigated the fault detection problem for nonlinear NCSs subject to
random packet dropouts.

It should be pointed out that the filter design problems for networked
control systems are concerned with the assumption that the transmitted
measurement outputs are received completely by the sensors. In practice,
the measurements may not be received fully or packet dropouts happen
due to the imperfect network-based communication medium or noisy
channels (see [6, 23, 32, 36] and references therein). The information
exchange in NCSs is through a shared network based communication
medium with limited bandwidth. Hence, it is appropriate and essential
to reduce the bandwidth utilization, and one of the main strategy
to deal this issue is quantization of signals, which reduce the size of
the data before transmission [4, 19, 29, 37]. It should be mentioned
that sensors cannot always provide unlimited signals due to physical
and technological constraints, which results in sensor saturations. For
example, in image sensor and temperature sensor, the nonlinearity and
saturation are unavoidable. The saturation in sensors instantaneously
bring unexpected variations that results in nonlinear characteristics of
sensors or even instability of the NCSs. In recent years, great deal of
attention is devoted to the NCSs with sensor saturations [5, 24, 26,
42]. The system performance inherently suffer from time delay due to
communication channel disturbances and limited network resources.
Furthermore, time delay is commonly random and time-varying, which
is also a major hazard to the system performance. Accordingly, many
important results are proposed for Markovian jump and switched time
delay systems [1, 8, 10, 14, 21, 30, 35].

On the other hand, the state estimation problems have gained
particular research interest since the system states are not fully measurable
in most of the situations. Specifically, AH. filtering has been perceived as
most powerful and effective way in estimating the unavailable system
states, and also, it does not require any prior statistical knowledge
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of the exogenous disturbances. The H. filtering problems for several
dynamical systems have extensively been investigated in recent years [28,
31, 40]. Most of the existing results in the literature for networked
M]Ss are proved with the assumption that the filter parameters are
implemented precisely. But it is not possible always, and there exist
unavoidable parameter variations due to rounding errors, which in turn
lead to inaccurate execution of filters. Recently, studies on nonfragile
or resilient filter design has been accelerated among researchers, and
fruitful results are reported [2, 17, 25, 33, 38]. However, the resilient
H. filtering problem for networked nonlinear systems with Markovian
jumps subject to randomly occurring nonlinearities, distributed delay
and external disturbances is not fully investigated, which motivates the
present study. The main attention is to design an appropriate filter such
that the filtering error system is stochastically stable with prescribed H.
performance attenuation index. The significant features of this paper are
summarized as follows:

e A generalized network nonlinear control system with
Markovian jumping parame ters subject to randomly occurring
nonlinearities and distributed delay is considered.

e To deal the overloaded network traffic, missing measurements
and sensor saturation is considered. The occurrences of missing
measurements are described with a stochastic variable obeying
Bernoulli distribution.

e To reduce the bandwidth utilization, a logarithmic quantizer is
incorporated to quantize the measurement signal.

e Anonfragile filter is designed such that the filtering error system is
stochastically stable and achieves a prescribed performance index.

Finally, a numerical example is provided to examine the applicability
and efhicacy of the formulated filter design technique.

2 System formulation and preliminaries

Given a probability space (M;F;P), where M is the sample space, F
represents the algebra of events, and P is the probability measure defined
on F. Consider the discretetime networked Markovian jump systems
subject to randomly occurring distributed delay and nonlinearities over
the space (M;F;P) in the following form:

q
v(k+1) = A(k,re)z(k) + B(k,m) Y _ au(k)z(k — &i(k))
=1
+ ag(k) f(k,2(k)) 4+ Dy (k, ri)w(k),

y(k) = Clk,ri)x(k),
Ys(k) = c;'r(ylfl:.]) + Do(k,rp)w(k),
z(k) = L(k,r)z(k),
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where x(k) € Rn is the state vector, y(k) € Rm is the measured
output, ys(k) is the measured output with saturation, w(k) € Rq is the
disturbance input belonging to 1[0, «), z(k) € Rp is the performance
output to be estimated, and ¢(-) represents the saturation function.
st aumate-aw) describes the distributed time delays of the system in which
the stochastic variable a1l(k) stands for the random occurrence of the
delays, and dl(k) for [ ={1, 2, ..., g} are the time-varying delay satisfying
dm < dl(k) < M , where the nonnegative scalars dm and M denote
the minimum and maximum bounds of the delay. Also, the stochastic
variables «11(k) for | = {1, 2, ..., q} describe the random delays, which
are Bernoulli distributed white sequences that are presumed to obey the
conditions P {a1l(k) = 1} = E {all(k)} = « 1L, P {¢1l(k)} =0 =1 "1l
A(k, rk), B(k, k), C(k, k), D1(k, rk), D2(k, rk) and L(k, rk) are constant
matrices with suitable dimensions. Further,rk € Q ={1,2,...,N }isthe
discrete-time Markov stochastic process, and the transition probability
matrix is defined as ¥ (k) = {Vij(k)}, i,j € Q, and Vij(k) = P(rtk+1 =7 |
rk = 1) is the transition jump rate from mode i at time k to mode j at time
k + 1 with ¥ij(k) = 0 and =, «.m-1 . For notational simplicity, we let (k,
r(k)) = i. The nonlinear vector valued function f ( ) satisfies the sector-
bounded condition

r T
f(k,z(k)) — f(k,y(k)) — Hi(z —y)]

< [f(k.2(k)) - f(k,y(k)) — Ho(@ —y)] <O, |

£(0) = 0, where u,, 11, = r» are diagonal matrices with H, - Hy 2 0. The
stochastic variable #2(k), which is Bernoulli sequence with assumptions P
{or(k) = 1} =E{op(k)} = 22, P {a2(k)} = 0 = 1 22, is taken into account
to reflect the phenomena of randomly occurring nonlinearities.

The saturation function ¢(.) is assumed to be in the interval [K1, K2]
with K1, K2 € Rnxn, K1 2 0, K2 > 0 and K2 > K1. Also, ¢(.) satisfies
the following sector condition:

[6(u(k)) — K1 (y(k))] " [6(u(k)) — Ka(y(k))] <0, y(k) e R™
The nonlinear function ¢(y(k)) describing the sensor saturation

phenomenon can be decomposed into nonlinear and linear parts as

d(y(k)) = ¢s(y(k)) + Kly(k) in which the nonlinear part ¢s(y(k)) satisfies

o1 (y(k)) [0s (y(k)) — (K2 — K1)y(k)] < 0.

By considering the network bandwidth constraints it is imperative
to quantize the measurement signal before transmitting through the
communication medium. For this purpose, a logarithmic quantizer that
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is symmetric and time-invariant is implemented. To characterize the
logarithmic quantizer, the quantization levels are described as

U = {:I:uf: u; = (ug, 1 ==x1,£2, ... } U {z£ug} U {0},

where 0 < (i < 1 is the quantization density, and u0 > 0. The quantizer

function Qi(.) is defined as

u; if Tt <V < v >0,

Qi(W) =140 if ¥ = 0,
—Q,(=9) ifd<0

with pi = (1 £i)/(1 + 0i). To incorporate the quantization effects, the
following quantizer is employed:

£(k) = Q(y(k)) = [Qw(R) - Qum(F))] "

Further, the quantization errors are solved using the sector bound
approach, then f (k) - y(k) = A(k)y(k), where A(k) = diag {AL(k), ...,
Am(k)} . Then the input to the filter can be described as y™ (k) = (I
+A(k))y(k), where | |#i]| | <98,i=1{1,2, ..., m}. It should
be noted that missing measurements can be encountered during the
communication process due to unreliable network based communication
medium. To describe the missing measurement rate, the stochastic
Bernoulli sequence a3(k) is considered with the assumptions P {«3(k) =
1}=E{e3(k)}=a3,P{a3(k) =0} =1a"3.

To estimate the performance output z(k), the mode-dependent filter
is designed in the following form:

T f (k+ 1) = :1_1}*{;6. j‘“.{;);l‘flfrlf-) + Ef“ﬁ ?R}y{k}
’zf[ﬂf) = L_flf;;,f‘;\.]li‘f[ff}* (3)

where xf (k) # Rn, zf (k) Rp are the state and output vectors of the filter,
respectively; A™f (k, rk) = Af (k, rk) + AAf (k, k), B*f (k, rk) = Bf (k, rk)
+ ABf (k, rk) in which Af (k, tk), Bf (k, rk) and Lf (k, rk) are the filter
gain parameters to be determined and y* (k) = a3(k)y~ (k). For notational
convenience, the gain parameters are denoted as Af (k, rk) = Afi, Bf (k,
rk) = Bfiand Lf (k, tk) = Lfi. Further, the additive filter gain variations are
assumed in the form as AAfi = Mi (k)Nai and ABfi = Mi (k)Nbi wherein
Mi, Nai and Nbi are appropriate dimensional constant matrices, and (k)
is an unknown time-varying matrix function with FfT (k) F(k) < L.

By setting £(k) = [x(k) xf (k)] and z"(k) = z(k) zf (k), the augmented

system is obtained as follows:
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rf{k + 1) = (_ih' + ds(k’)_’igl)é(k)

q
+3 (Aait + au(k)Aa) € (k - 81(k)) + (C1 + az(k)Ca) £ (k, k)

=1
+ (Bn + ﬁ-g(k)ng-)qfas[y{k}) + (Dyi + ﬁ's(k}Dzz‘)ﬂ-‘(kJ
Z(k) = LE(E), )
1. = A; 0 1 — 0 0
T asBu(1+ AR)KNC; Ap|t TF T | Bu(l+ AK)KLC: 0]
i _ [auBi 0 i _[B: 0O _ @I |1
‘4"‘-{'*;{ - [ 0 0:| 1 *4-1:{1 - |: 0 0:| s erl - |: 0 :| N CZ — |:0:| s

_ 0 _ 0
Bu = {a-ﬁﬁ{uam)}]* Bai = [Bﬁ{uA{k))]'-

=

_ D D, — 0
Y7 @ Byi(1+ A(k)) Do | H T Bp(1+ A(k) Dy |

a(k) = anlk) — aq, aa(k) = az(k) — as and as (k) = as(k) — as.

For obtaining the main results, the following definition and lemmas
are needed.

Definition 1. (See [34].) The filtering error system (4) is stochastically
stable with a prescribed Heo performance index v if the following two
conditions hold:

(i) The filtering error system (4) with w(k) = 0 is stochastically stable,
that is, for any initial condition %(0), there exists a matrix > 0 such that

the following holds:

E{ Z z'T{ﬁ:)z'U:)} <’ Z w (k)w(k)

k=0 f:=0

(ii) Under zero initial condition,

E{ Z ||X{f~‘]'||2|X[:n} < x " (0)Wx(0).

k=0

holds for all nonzero w(k) € 1,[0, ).
Lemma 1. (See [16].) Given matrices S, P > 0 and R = RT, the
inequality STPS R< 0 holds if and only if there exists a matrix Q such that

T )T
fﬁ S @ ] <o

£ P-Q-Q"
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Lemma 2. (See [41].) Given matrices I1;,IT; and I'l; with appropriate
dimensions and
I, satistying I'Ty = 17, then

IT) + Mo A(K)T3 + T AT (B)IT) < 0
holds for all A.(.).(.) < Iif and only if there exists a scalar # > . such thar

Iy + ell2I1) + e I3 IT5 < 0.

3 Main results

In this section, a H. filter design in the form of (3) is derived for the
networked control Markovian jump system (1) subject to randomly
occurring distributed delay and nonlinearities, where the measurement
output signal suffers from missing measurements and sensor nonlinearity.
First, a set of constraints that are sufficient for the filtering error system
(4) with zero disturbances to be stochastically stable is derived for known
filter gain parameters without any perturbations. Next, the results are
extended by considering the quantization effects and gain fluctuations
with a prespecified performance attenuation index y > 0.

Theorem 1. Let o™i, a5 273 [ =1, 2, ..., q, y be given positive scalars,
Om, OM are integers with du 2 0, 2 1, and let the filter gain parameters Ay,
Bgand Lgbe known. Then the filtering error system (4) is stochastically stable
under zero disturbances I f there exist positive definite matrices P, Q;such
that the following LMI holds:

b = F“ {‘E”] <0,

£ Doy

where
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aq C‘I_(T 0 —)\1GT_&2 0 ET _’-Tlsz-Pg t—'gz—‘IQT‘;Pi
« —1 0 0 0 0 BLP,  viBLP;
I 0 0 0 | X ALP 0
Pu=1, . . xnr o o Te=|Torp Cwcre |
¥ % * * — 0 DLP, v,DLP
l * * * * * —IJ L 0 0 J

gy = diag{—F;, - F;},
q . kl . .
a1=Y (Our = bm+1)Q — P = MGTH\ G,  ay =Y [v}ALPA4 - Q]
=1 =1

C=[c; 0, CG=[I0], K=K -K,

HIH, + Hf H, - HT + Hf

_— = H=———"
2 2

’L’%I = ﬁu{l — O_'Lg), U% = ﬁz{l — ﬁ:z) and 13 ﬁg(l 05'3).

i, =

Proof. In order to derive the desired results, the Lyapunov—Krasovskii
functional candidate is considered in the following form: V(k) = =,
V.(k), where

q
Vik) =€ (R)PE(R),  WVa(k) =) Y ET()Q:(5),

q don
= ) Z £H(5)Qek(9)-
t=1 m=—4dj k+m

Defining AV(k) = V(k + 1) — V(k) with w(k) = 0 and taking the

mathematical expectation, the difference of V1(k) is calculated as

r+1s=

E{AVi(k)} = B{Vi (k+1) - Vi (k)}

:E{

T
+ (C'l + d’z{kjcz)f{k;ffk) + (Eu + ﬁa(k)gzi)f}"s (y(k))‘|

q
(A1 + az(k)As:)E(k) + Z (Aga + @Ll{k)—‘idé)g{k — &i(k))
=1

=1

9
X Pi[(qji +O:__§ 4.21 é.{rlL +Z "Lﬁj +0U L)’id;) {rlL — 5{“6))

+ (C1 + aa(k)C2) f(k, zk) + (Bui + a@a(k)Bai) ds (y(k-))} }
— £ (k)P (k). ©)

Similarly, the differences of V2(k) and V3(k) are calculated as
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E{AVy(k)} <) [ch(k}Qfa{k) — T (k — 6¢(k)) Qe (K — 3 (k))

k—dm
. ezT(sJ@ta(sJ],
s=k—dnm+1 (7)
q k—bm
E{Avs(m}az[(a_.u—am}a’f(k)cg@(fc)— Y N(9)Qik(s)
t=1 s=k—dp+1 (8
From saturation nonlinearity we get
=201 (y(k)) de (y(k)) + 207 (y(k)) Ky(k) = 0,
which implies that
=263 (u(k) s (u(k)) + 263 (y(k) KCe(k) > 0,

where C" and K™ are defined in (5). By combining (6)—(9) we get

E{AV(k)}

9
ALP:Av + as(1 — a3)AL P A + Y (0m — 6 + 1)Qc — P

t=1

+2¢T(k) [-ElE-Pa:Blf + aig(1 — G3) A3, P, By; + CT (K — Ky)]os(y(k))

< £V (k) &(k)

q
+ 2N () [ALPY | Agalé(k —6(k)) + 26T (k)AL P,Cy f (K, 2(k))
=1
+ %T(y(k)) [BERBH +az(1 - 5‘3)3;[;&921: — QI]és{y(k})

q
BLP, Z Agi

I=1

+ 267 (y(b)) §(k = a(k)) + 265 (y(k) BLP.CLf (k, (k)

q q
+ 33 €N (k= (k) [ALa PeAds; + au(1 — Gu) AL PiAag €T (k — 5;(k))
=1

=1

q
+ 260 (k= a(k)) > ALy PCyf (k, (k)
=1
+ 1 (k,z(k)) [CT P.Cy + @2 (1 — @) C3 PCs] f (K, z(k))
q
= €N (k= 01(R)) Qi€ (k — ai(k)).
=1 (10)

From the sector bounded condition (2) we have
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T -~ -
{ ¢(k) ] [GFEHiG GTHz] [ ¢(k) ] <0
f(k,z(k)) H,G I e x(R) |~y
Let
n(k) = [€7(k) oT(y(k) €T (k—01(k)) -+ €7 (k—0,(k)) fT(k,2(k))]".

Letting V2 = a1 — ), f = ao(l — az), vd = as(l —aa), K = K: — K, and combining
(10) and (11), we get

E{AV(k)} <7 (k)n(k), -
where
P11 Pz Pig = x T
b= | % Dy {@23 _ with &y = [@:1 g_juz] R S I:Eglm] -.
» P 113 122

q
d11y = FIEH'_:’IH + L’E_ElgTaR:f{m + E{:é_-i-r — Om + 1)Q: —

t=1

q
$11p = A PiBy; + v3A3,PiBy; + CTK, P15 = ALP; Z Adgit,
=1

q
@113_BL3PBJ.E+LQB iP; B — 21, "ﬁmzzgﬂﬂzﬁdih
=1
&3 = [CTPTA,; — N\ HIGCTPTB,",
q
Doy = Z [—’igigﬂ—’idii — Q1+ 1’%;-4}1:&-’4-&:'] .
=1

q
Doy = Z—’igazpicl and P33 = CITP.ECI + -L%Cérﬂ-cg — M.
=1

Hence, (5) implies that E{AV(k)} < 0, then we have E{AV(k)}
< —BE(T(k)n(k)}, where p = min{Amin[®"]}, and Amin[®"] is the
minimal eigenvalue of [-®~]. Summing the above inequality from initial
time instant to time instant T, we have

T
E[V(T +1)] — E[V(0)] 32 nt (k)n(k).
k=0

Then it is easy to get that
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E[V(0)] - ZE[V(T +1)]

> T (k)n(k) <

<=

E[V(0)] < Z£1(0)P(0).

?-l
l
't.:. _ 'tull—*

1
B
1
A

Further, it is evident that et ¢rwe < e, o . When T > oo, we get,
which proves the stochastic stability of the filtering error system. Next, we
explore the sufhicient conditions for the stochastic stability of the filtering
error system by considering the effects of exogenous disturbances. In

order to derive the constraints for all non zero w(k) # 12[0, o ), it follows
from (12) that

E{AV(k) + 2T (k)i(k) — v w (k)w(k)} < E{7" (k)D( k}},
where Y]-T(k) = [n(k) w(k)],

q
P = -El}lpi-zln + '1-'5-21;}3«;-*{21 + Z{ts_-u — 0 +1)Q:—F; + ETE-.

t=1
@15 = ALP:Dyi + v3AL. PiDa;, 95 = BEP.D1;i + v3BL.P. Do,
q
D5 = ZFI}&P«;DM-. Py5= CIFP«;DM-. b5 5 = D};HDH-‘-U%DQHR‘D%—TZL

=1

and the remaining parameters are same as defined in (12). By Schur
compliment (13) implies the matrix inequality in (5), and hence, we have

E{AV(k) + 2T (k)2(k) — 7w (k)w(k)} < 0. »

Summing up (14) from 0 to oo with respect to . yields the following
inequality:

S B{J0)} < 2B wE)|} + BYO)} - B},

fe=0

Under zero initial conditions, it is easy to conclude that

I} < ?B{ w7}

k=0
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Therefore, by Definition 1 the filtering error system is stochastically
stable with a specified H. performance attenuation level. This completes
the proof.

In Theorem 1, sufficient condition, which ensures the stochastic
stability of the filtering error system with a prescribed disturbance
attenuation index y > 0, is derived. In the following theorem, the results
are obtained by considering the quantization effects, and the filter gain
parameters are calculated.

Theorem 2. For given positive scalars a1, a2, 23, [=1,2,..., g,
integers OM , Om with OM 2 Om 2 1, quantization density 0 < §i < 1, i
=1,2,...,m, the filtering error system (4) is stochastically stable with a
prespecified disturbance attenuation index y > 0 if there exist positive scalar
#1, positive definite matrices P13, P24, P3i, Qlj, any matrices Yij, A"Fi, B'F
iand LFiforj=1, 2, 3 such that the following LMI holds:

1 1
P! — Piaxia Py
B (15)
where
q —~
‘—bi_l = Z[&U — O +1)Qu — Py — M HLL
Gio=Y (Or —0m+1)Qu— Py, P,=C'K,
=1
b} ¢ = AHsI, P} =L], P} o= ALY\ + @Cl K| B,
P11 = ‘LT}(JE + dlSCE‘I(LTBE"i: P14y = U'JCFKJTBR-.
q
Bl 1= O K Biyy,  @35=) (0m — 0+ 1)Qu — P,
=1
(ﬁés = _L}ae fﬁég = fi}'i' @é.l{} = fi}o
&35 =1, @ 1o = as B, @ 1, = 3B,
g q q
By = :Z vh B} P,B; — :Z Qu, Pi=- ; Qu, b0 =auBlY],
=1 =1 =1

Moreover, if the given LMIs are feasible, then the quantized filter gain
parameters can be calculated by A"F i = Y2iA™fi, B'Fi=Y2iBfiand
LFi=LAf.

Proof. To prove the desired result, let us partition the matrices as
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k]
1 =~ Ty T 1 1 1 ~.vT
Py = 0uB; Yy, b5 5 = —Z Qal, be6 = —A1l, Pg 9 = 2Y1;,
=1

1 _ 3T 1 _ T T _ T 1.2
‘ﬁs,m = a2Yy;, g 11 = v2Yy;, P10 = V2Ys;, q’)” =71,
1 TvT , -~ 0T AT 1 TvT , - 1T AT
&7 9 = Dy;Yy; + a3 Dy, By, D7 10 = Dy, Y3 + asDy; By,
qv’%,u = '1J3DF2{;—§§¢: 55%.12 = USDE;BE:‘; q’é,a =-1,

Phg=Py—Y—-Y], B, =Pu—-Yy-Yy,
@io,m = Ps — Yo — erf: @11,11 =P —Yi— YE:
@%1,12 =Py — Yo — Y;g: @12,12 = P3; — Yai — Yzlz'ﬂ:
O = [ad) BY eds OF] with & =[KiC; 01]',
Py = [0s G30Bf; @30Bp; vidBE; vidBp,, &y =[1 01
@, = [0g asdBE, 0 -1133.9}1;] and &) = diag{—e; I, —e;1,—e; 1, —61}.

| P P Y Yy _|Qu Qa
Pﬁ_{* P3i]: K'_[* Yzj and QI_[* Qar|”

:|T

Using Lemma 1, the partition matrices defined above together with the
assumptions A"Fi=Y2iAfi, B"Fi=Y2iB fiand CF i = Cfi, the matrix
inequality in (5) can be expressed as

(&1, @i, O 2 0 Dy @? @s_
* =1 0 0 0 0 & Pl
* «  Pl, 0 0 0 & 0
Fl_|* % ¥ =AM 0 0 G‘_P-i? 6_9-3113
. * * * —*I 0 @Eﬁ,— @E,S
* * * * ¥ —1I 0 0
* % # * # * 153_5%? 0
| * ¥ * * * * * d_ié?r
6)
and
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z1 51 (T 7 7 17T
T R RV

_ Pl Bl _ -
tﬁfﬁl} = |: 23l 332:| 7 d'—)%ll. — Z(a'lf [sm + ]-)Qlf - Pli - /\IHLI,
I=1

q

g
b1y = Z{'O‘M — 0m +1)Qa1 — Pai, By = 2(5_-'1[ — 0 +1)Qa1 — Pa;,

&y = ATYT + a;CTKT (1 + A(k)) ' BE,
Bloy = ATV + @, CTK T (I + Ak) " BE,
Pioy = Ap,, Pig) = UBC:'TKIF(I + A{k))TBEi,
Bl = vsCT KT (I + A(k) " BE, &b, = [0 as(1 +A{k))r'§}i]s

"cﬂ

In order to obtain the quantized filter gain parameters, the uncertain
terms in (16) can be rewritten as

g q
$is = [0 vs(I+ ’—fl(k})TE}a]-. B3 = Z vl B P:B; — Z Qu,

Biay = —Z Qs Biag = — Z Qa1 dl; = [auB'Yy! auBlYai],
O = [V @Yy, By = [vY)] wY],

by = [D Y +a;DLBE, DY }3E+Q3D2EBFE]
(1—35- = I:LJDQLBF‘L 1_;D BFL]

Pl =l = Py =Y —Yy; P —Yai— 3’}1;] .

# _P T }/21 }/2

T

@' + sym(P  A(k)Ds) + sym(D3A(k)Dy) < 0

where @71, @72, ®73 and @4 are defined as in (15). By employing
Lemma 2 and Schur complement lemma, the matrix inequality given
above can be equivalently viewed as the LMI in (15). Hence, if the LMI
in (15) holds, it is easy to conclude that the filtering error system is
stochastically stable with a prescribed Hoo performance indexy > 0. This
completes the proof.

In the following theorem, a quantized nonfragile filter will be designed
based on the results developed in Theorem 2 for the filtering error system
by considering the gain variations in the form given in (3).

Theorem 3. Let a1, a2, "3, yand 0< (i< 1,[=1,2,...,9i=1,
2,..., m, be given positive scalars. Then the augmented filtering error system
(4) is stochastically stable with prescribed Heo performance attenuation level
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if there exist positive scalars #1, #2, #3, symmetric matrices P1i, P2i, P3i,
Qlj > 0,j=1,2, 3, and any matrices Y1i, Y2i, Y3i, AF i, BF i, LF i with
appropriate dimensions such that the following LMI holds:

d}? — d}%ﬁxlﬂ tﬁi < 0.
" b3 '
Where
‘55-{_9 = -4aTYE + ﬁ'LECEKLTB;a- ‘fﬁ-fm = 43}}; + ‘—:"SC?K]TBR‘:
‘f’?.u = U'JC?;TKLTBE: ‘fﬁf.m = '”LFCIIKIFB}:r 5%( = Afoz'a
f’g.m = -4f1;¢~ J’%.m = &3‘8}1* J’%.m = '1"38}]-:«;~
$? , = DY} + a3 D3, B, $? o = D1,Yq; + a3 D3, BE,,
55-%.11 = '1-’3D-£'BEH-. ‘f’%]z = UL!DQT&B}-::';
&5 14 = 30 B, b3y 14 = @b B, &%) 14 = vadBE,,
BYy 14 = '1"353}“‘1- 63y 16 = G'JSBE- 67516 = U'JEB;a-

2 _ 72 52T 2 72T 2 72T T2 72T T2 72T

@% =diag{eal, eal, €3], 3] o] eal  ea] €31, €a1 €51},
&2 = [N K, C; 05 Ny Cs 0g]"
O3 = [0s asM'Yy asM'YyE vsM]'Y,h vsMIYE 04],
$2=[0 Ny 0u]", =05 MIYE MTYST 0],
P2=[0 Ny O], D2 =[0n asMY,S 0 vaMIY,D 0],
B2 = [0s asdMT axdMT vidMT vdMT 04)7, @2 =[013 NyYar 0o,
B2 = [0y asdMT 0 azdMT 0] and &% =[015 NyYa 0o,

Furthermore, the quantized nonfragile filter gain parameters are
calculated as Ap; = 2iAfi, BFi = 2iBfi and LFi . Lfi.

Proof. The proof of this theorem follows from Theorem 2. By
considering the additive filter gain variations in the form defined in (3),
applying Lemma 2 and Schur complement lemma to the LMI in (15), we
can easily obtain the LMI in (17). Therefore, it can be concluded that the
augmented filtering error system (4) is stochastically stable with a desired
H. performance attenuation index y > 0. This completes the proof.

Remark. It should be pointed out that the system under consideration
and the filter design technique in this paper effectively reflect the
realistic behaviors of the practical systems due to the incorporation of
quantization effects and time delays. Further, the unexpected variations
caused by the saturation in sensors is considered. Also, the effects
of randomly occurring distributed delay and missing measurements
that inherently exist in networkbased systems are taken into account.
Moreover, the filter is designed in such a way that it is insensitive
to some amount of uncertainties with respect to its gain. Based on
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this scenario, in this paper, the problem of resilient A. filter design
for a class of discretetime nonlinear networked control systems with
Markovian jumps subject to randomly occurring distributed delay,
external disturbances and missing measurements is addressed, which
makes the present work different from the existing works.

4 Simulation results

In order to prove the effectiveness of the developed filter design, a
numerical example is presented in this section.

Consider the discrete-time networked nonlinear Markovian jump
system (1) subject to randomly occurring distributed delay and sensor
saturation with the following parameters:

02 03 02 [—03 02 0.2
A= 0 025 0 |, B,=(103 -02 03] x0.3,

0.1 02 035 | 03 01 -0.1

0.1]
Cy=[10502, Dy=|0]|, L =[05 0 0],
U_
02 01 0.2 0.1 0.3 0.3
Dy =05 Hy=|[01 03 0], Ay=[05 01 01f,
-01 01 03 0.1 0.2 01
[0.1 0.2 0.1] [0.1}
By= 102 01 03}x03,  Cx=[1 0 0], D=0,
[0.1 0.1 —D.QJ [oJ
02 01 0

Ly=[05 0 0], Dyp=05 and H,= ‘ 0.1 -03 -01}.
-01 0 -03

Assume that q = 2 and the stochastic parameters are selected as e 711
=E{all1(k)} = 0.2, 2712 = E {¢12(k)} = 0.15, 22 = E {a2(k)} = 0.2,
@3 = E {a3(k)} = 0.15, the time-varying delay satisfies 2 < 8l(k) < 3,
1 =1, 2, and the quantization density is assumed to be 6~ = 0.8. Also,
the nonlinear function f (k, x(k)) is chosen as f (k, x(k)) = 0.4 sin x(k).
Here the transition probability matrix is taken as v =[¢2 221 . Further,
the sensor nonlinearity is taken as ¢s(y(k)) = (K1 + K2)/2)y(k) + (K2
K1)/2) x sin x(k) with K1 = 0.6 and K2 = 0.8. The additive filter gain
parameters are chosen as M1 = M2 =[0.10.20.1]T, Nal =[0.10.10.1],
Na2 =[0.10.20.2] and Nb1 = Nb2 = 0.1. By solving the LMI condition
in (17) the optimal Heo disturbance attenuation index is obtained as y =
0.042, and the corresponding filter gain parameters are calculated as
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—0.0413 —0.0609 —0.0285 0.6417 0.1072 —0.7280
App = |—0.0031 —0.0287 0.1571 |,  Ap = [1.3092 0.0067 —1.3783
—0.0301  0.0975 —0.1250 0.6100 0.1107 —0.7176

0.2871 —0.0500

Bjy = [0.0174|, By, = |—0.0561

0.0383 —0.0264

Ly =[0.2333 —0.1210 0.0728] and Ly, = [2.1970 —0.4775 —1.1441].

In addition, the initial conditions of the system and filter states are
chosen as x(0) = [0 0 0] T and xf (0) = [0 0 0] T. Further, the disturbance
input that affects the performance of the system is assumed as w(k) = 10e
—0.12k cos(0.4k). Based on the obtained filter gain parameters and initial
conditions, the response curves are represented in Figs. 1,2,3,4,5,6,7,8.
In particular, the state responses of the considered system are shown in
Fig. 1. Specifically, Figs. 2,3,4 show the responses of the states x1(k),
x2(k) and x3(k) along with their estimates, respectively. In Fig. 5, the
performance output z(k) and the estimated output z7(k) are plotted.
It is clear from the figure that estimated output effectively estimates
the performance output of the system under the developed resilient
Hoo filter. The estimation error e(k) is presented in Fig. 6, and it is
evident that the error response eventually converges to zero within a
short period of time. The jumping modes of the system during entire
simulation process is given in Fig. 7, and external disturbances affecting
the system performance is shown in Fig. 8. It is obvious from these
results that the augmented filtering error system subject to randomly
occurring distributed delays, sensor saturation and external disturbances
is stochastically stable with a prescribed Heo performance index y > 0
via the developed quantized nonfragile filter, which demonstrates the
effectiveness of the proposed filter design technique.

— Iq’k}
x (k)
— jﬁi ]
] EIﬂ 4:(3 Elﬂ SIEI 10
Time (k)
Figure 1

State responses.

203



Nonlinear Analysis: Modelling and Control, 2021, vol. 26, ntiim. 2, ISSN: 1392-5113 / 2335-8963

_.rI(kJ
_.rﬁfkj

] 20 40 60 80 100
Time (k)

Figure 2
State x; (k) and its estimate x¢ (k).

0.6

_,rz{k}
04} . l
rﬁ(k)

_ﬂd 1 1 1 1
]

20 40 (] S0 10
Time (k)
Figure 3
State x,(k) and its estimate xp (k).

204



Venkatesan Nithya, et al. Resilient H oo filtering for networked nonlinear Markovian jump systems with randomly occurring distributed delay a...
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015} M ||
—_—x_(k)
'3
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~0.05} .
-1 8
015 : : : -
20 40 6 S0 100
Time (k)
Figure 4
State x3(k) and its estimate xg(k).
6 T T T r
— ()
m— ()
0.4 (k)
2
/]
0.2
=04, 20 40 60 80 100
Time (k)
Figure 5

Output z(k) and its estimate z” (k).
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Figure 6
Filtering error.
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1.5
1 -
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/] 20 40 6l &0 1on
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Figure 7

Jumping modes of the system.
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10 T T T r
e (k)
5 4
] S
_5 1 1 1 1
/] 20 40 6 L1/ 100
Time (k)
Figure 8

External disturbance.
S Conclusion

The problem of resilient H. filtering for networked nonlinear Markovian
jump systems with randomly occurring nonlinearities, distributed delays
and external disturbances has been investigated. The measurement
output signal is affected by sensor saturation, missing measurements and
quantization effects. Stochastic variables following Bernoulli statistical
distributions are considered to characterize the random occurrences
of timevarying delays, nonlinearities and missing measurements. By
Lyapunov-Krasovskii stability theory, sufhicient LMI conditions have
been derived for obtaining a resilient H. filter that ensures the stochastic
stability of the filtering error system with prescribed performance
attenuation index. A numerical example is finally given to show the
validity of the designed resilient filter. Further, the problem of finite-time
resilient H. filtering for networked nonlinear Markovian jump systems
with uncertainties, sensor faults and energy constraints is an untreated
area. These issues will be our future research topics.
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